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Abstract:- In the rapidly evolving landscape of 

education, understanding and improving student 

performance is of paramount importance. This research 

paper explores the application of Machine Learning 

(ML) technologies within the realm of Big Data Analytics 

to comprehensively analyze and enhance student 

performance. Leveraging the vast amount of data 

generated within educational institutions, this study 

demonstrates how ML algorithms and techniques can be 

harnessed to gain insights into student learning patterns, 

predict academic outcomes, and develop data-driven 

strategies for educational improvement. The paper 

begins by highlighting the significance of student 

performance analysis in modern education and the 

challenges faced by institutions in managing and 

interpreting the growing volume of educational data. It 

then presents a comprehensive review of the state-of-the-

art ML algorithms and data processing techniques 

relevant to student performance analysis. Furthermore, 

the research outlines a novel framework for student 

performance analysis, integrating various ML models 

such as regression, classification, and clustering, 

alongside advanced data preprocessing techniques. The 

proposed framework is designed to handle diverse 

educational datasets, including academic records, 

attendance records, socio-demographic information, and 

learning resources utilization[1]. 

 

Through a series of experiments and case studies, 

this paper demonstrates the practical application of ML 

in predicting student performance accurately, 

identifying at-risk students, and personalizing 

educational interventions. It also delves into the ethical 

considerations and data privacy concerns associated with 

the use of student data in ML-based educational 

analytics. The results and insights from this research 

offer valuable implications for educational institutions, 

policymakers, and researchers alike. By harnessing the 

power of Big Data and ML technologies, institutions can 

make data-driven decisions to enhance teaching 

methodologies, improve student support systems, and 

ultimately elevate student success rates. Additionally, 

this study contributes to the ongoing discourse on the 

responsible use of data in education, emphasizing the 

importance of transparency, fairness, and ethical 

considerations. In conclusion, this research paper 

presents a robust framework that showcases the 

potential of Machine Learning technologies within the 

realm of Big Data Analytics for student performance 

analysis. It offers a roadmap for educational institutions 

to harness the power of data to foster better learning 

outcomes and contributes to the ongoing dialogue on 

responsible data usage in education. 

 

I. INTRODUCTION 

 

In the era of information abundance, educational 

institutions are facing an unprecedented influx of data[2], 

ranging from academic records and classroom interactions to 

digital learning resources and administrative data. Amid this 

data deluge, understanding and optimizing student 

performance has become a paramount concern for educators 

and policymakers. The intersection of Machine Learning 
(ML) technologies and Big Data Analytics presents a 

promising avenue for addressing this challenge. This 

research paper explores the transformative potential of ML 

technologies in the domain of student performance analysis 

within the context of big data analytics. The pursuit of 

excellence in education requires a nuanced understanding of 

the multifaceted factors that influence student outcomes. 

Traditionally, educators relied on subjective observations 

and standardized testing to gauge student performance. 

However, these methods often fall short in capturing the 

intricate web of variables that contribute to student success 

or struggle. With the advent of Big Data, educational 
institutions have amassed a wealth of student-related data 

that, if properly harnessed, can provide unprecedented 

insights into the dynamics of learning and performance[3]. 

 

Machine Learning, a subset of artificial intelligence, 

has emerged as a powerful tool for extracting meaningful 

patterns and predictions from large and complex datasets. By 

employing ML algorithms, educational stakeholders can 

gain a more comprehensive understanding of student 

behavior, identify at-risk individuals, and implement tailored 

interventions to enhance learning outcomes. The application 
of ML technologies in education not only facilitates data-

driven decision-making but also paves the way for 

personalized learning experiences that cater to individual 

needs and preferences[4]. This research paper embarks on a 

journey to explore the synergy between ML technologies 

and Big Data Analytics in the realm of student performance 

analysis. It aims to elucidate the key methodologies, 

challenges, and ethical considerations involved in harnessing 

the potential of these technologies for improving educational 

outcomes. Through a rigorous examination of state-of-the-

art ML algorithms, data preprocessing techniques, and real-
world case studies, this study seeks to provide valuable 

insights into how educational institutions can leverage data-

driven strategies to nurture student success. As we navigate 
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the complex landscape of modern education, this research 

endeavor underscores the pivotal role of data and ML 

technologies in shaping the future of teaching and learning[5]. 

By illuminating the possibilities and limitations of student 

performance analysis using ML within the context of big 

data analytics, this paper aims to contribute to the ongoing 

discourse on educational improvement and innovation. 

 

II. RESEARCH AREA 

 

This research area focuses on the development of 

dynamic and personalized learning pathways for students by 

leveraging Machine Learning (ML) technologies within the 

framework of Big Data Analytics. It seeks to explore how 

ML algorithms can be applied to continuously analyze and 

adapt to student performance data to create tailored 

educational experiences. Key aspects of this research area 

include: 

 

 Real-time Student Monitoring: Investigating methods to 

collect and analyze student data in real-time, allowing for 

immediate identification of learning gaps or challenges. 

 Adaptive Curriculum Design: Developing algorithms 

that dynamically adjust course content and difficulty 

levels based on individual student progress, strengths, 

and weaknesses. 

 Early Intervention Systems: Creating predictive models 

that identify students at risk of underperformance and 

trigger timely interventions, such as additional support or 

resources. 

 Personalized Feedback and Recommendations: 

Implementing ML-driven systems that provide students 

with personalized feedback, study tips, and content 

recommendations to enhance their learning experience. 

 Longitudinal Analysis: Examining student performance 

data over time to gain insights into the evolution of 

learning patterns and the effectiveness of personalized 

interventions. 

 Ethical Considerations: Addressing ethical concerns 

related to data privacy, bias, and transparency when 

implementing ML technologies for student performance 

analysis. 

 Educational Outcomes Assessment: Assessing the 

impact of personalized learning pathways on educational 

outcomes, such as improved retention rates, higher 

grades, and enhanced student satisfaction. 

 Integration with Learning Management Systems: 

Exploring ways to seamlessly integrate ML-driven 

student performance analysis tools into existing Learning 
Management Systems (LMS) and educational platforms. 

 

This research area aims to contribute to the ongoing 

evolution of education by harnessing the potential of Big 

Data Analytics and Machine Learning to create a more 

responsive and student-centric learning environment. It 

seeks to bridge the gap between data-driven insights and 

actionable educational strategies that benefit both students 

and educators. 

 

 
 

III. LITERATURE SURVEY 
 

Table 1: Journal 

S No Journal Author Findings 

1. Prediction System 

for Student 

Performance Using 

Data Mining 

Classification 

Patil, R., Salunke, S., Kalbhor, M. and 

Lomte, R. (2018). Prediction System for 

Student Performance Using Data Mining 

Classification. 2018 Fourth International 

Conference on Computing Communication 

Control and Automation (ICCUBEA). 

doi:10.1109/iccubea.2018.8697770. 

The paper provides an illustration 

of the suggested system for 

predicting third year student's 

fourth-year results based on their 

present and prior performance. 

Overall, a data mining technique of 

classification is presented to be 

used in the student performance 

analysis system to anticipate the 
performance of current students. 

C4.5, ID3, and the revised ID3 

algorithm are compared while 

creating decision trees. 

Performance of the improved ID3 

algorithm is superior than that of 

the conventional ID3 & C4.5 

algorithm 
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2. Naive Bayes 

Classification 

Model for the 

Student 

Performance 

Prediction 

Tripathi, A., Yadav, S. and Rajan, R. 

(2019). Naive Bayes Classification Model 

for the Student Performance Prediction. 

2019 2nd International Conference on 

Intelligent Computing, Instrumentation and 

Control Technologies (ICICICT). 

doi:10.1109/icicict46008.2019.8993237. 

The student performance for the 

prediction analysis and applied 

feature extraction technique to 

calculate relationship between the 

attributes using data clustering 

techniques like KNN is applied and 

then applied Naïve Bayes classifier 

for the data classification and 

generating results for the prediction 
analysis which is compared with 

prediction of SVM algorithm. It is 

analysed that proposed model has 

high accuracy where the accuracy 

from SVM is about 87% and naïve 

bayes is about 92% also the 

execution time of naïve bayes 

classifier is compared with the 

SVM classifier which results that 

naïve bayes classifier has less 

execution time as compared to 
SVM classifier. 

3. Using Data Mining 

Techniques to 

Predict Student 

Performance to 

Support Decision 

Making in 

University 

Admission Systems 

Mengash, H.A. (2020). Using Data Mining 

Techniques to Predict Student Performance 

to Support Decision Making in University 

Admission Systems. IEEE Access, 8, 

pp.55462–55470. 

doi:10.1109/access.2020.2981905. 

A data set of 2,039 students 

enrolled in a Computer Science and 

Information College of a Saudi 

public university from 2016 to 

2019 was used to validate the 

problem. A model using the Linear 

Regression technique, which is 

used here for finding relationship 

between independent variables and 

a dependent variable which is used 

to determine the relationship 

between the three admission 
criteria as the independent 

variables, and the CGPA through 

student’s first two semesters as the 

dependent variable. And to predict 

applicant’s early academic 

performance before admitting them 

based on their pre-admission test 

scores four prediction models are 

used by applying four well-known 

data mining classification 

techniques, namely: Artificial 
Neural Network (ANN), Decision 

Tree, Support Vector Machine 

(SVM), and Naïve Bayes. 

4. Student 

Performance 

Prediction and 

Classification Using 

Machine Learning 

Algorithms 

Sekeroglu, B., Dimililer, K. and Tuncal, K. 

(2019). Student Performance Prediction and 

Classification Using Machine Learning 

Algorithms. Proceedings of the 2019 8th 

International Conference on Educational 

and Information Technology - ICEIT 2019. 

doi:10.1145/3318396.3318419. 

The three machine learning 

algorithms namely Back 

propagation, Support Vector 

Regression and Long-Short Term 

Memory have been used in order to 

predict student performances. In 

addition to these algorithms, 

Gradient Boosting Classifier is 

implemented in classification 

phase. By considering 40% of 
testing ratio of instances, BP, SVM 

and GBC achieved 80.91%, 

79.38% and 74.04% of 

classification rates respectively 
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both for test and training data. For 

30% of testing ratio, higher results 

are obtained for BP, SVM and 

GBC as 87.78%, 83.20% and 

%82.44 respectively 

5. A Review of 

Educational Data 

Mining Approaches 

to Analyze Student 

Performance 

H. N. Raval and J. H. Patel This paper provides a 

comprehensive review of the 

different approaches to educational 

data mining that can be used to 

analyze student performance data, 
including clustering, classification, 

and association rule mining. 

6. An Analysis of 

Student 

Performance in 

Online Learning 

Environments 

S. S. Yoo and K. C. Bae This paper analyzes student 

performance data from online 

learning environments, and 

identifies several factors that are 

associated with improved student 

performance in these environments. 

7. A Literature Review 

of Data Mining 

Techniques for 

Educational Data 

Analysis 

N. J. Hasan and M. A. Khan This paper provides a literature 

review of data mining techniques 

that have been used to analyze 

educational data, including student 

performance data, and discusses 
the strengths and weaknesses of 

each approach. 

8. Investigating the 

Relationship 

between Student 

Engagement and 

Performance in 

Higher Education 

S. G. K. Leonard and S. S. Beauvais This paper explores the relationship 

between student engagement and 

performance in higher education, 

and discusses how measures of 

student engagement can be used to 

predict student performance. 

 

9. Predicting Student 

Performance in 

Higher Education: 

A Comparative 

Study of Machine 
Learning 

Techniques 

N. K. Singh and A. K. Choubey This paper compares the 

performance of several different 

machine learning techniques for 

predicting student performance in 

higher education, and discusses the 
strengths and weaknesses of each 

approach. 

 

10. A Review of 

Learning Analytics 

Approaches for 

Student 

Performance 

Prediction 

S. K. Jena and P. K. Gupta This paper provides a 

comprehensive review of learning 

analytics approaches that can be 

used to predict student 

performance, including predictive 

modeling and social network 

analysis. 

 

IV. STUDIES & FINDINGS 

 
A Student Performance Analysis System that utilizes 

Machine Learning (ML) technologies is designed to 

systematically collect, process, and analyze data related to 

student academic performance and behavior. ML algorithms 

are employed to extract valuable insights from this data, 

enabling educators and institutions to make data-driven 

decisions and implement targeted interventions to enhance 

student outcomes. Here's an overview of how such a system 

typically works: 

 

 Data Collection and Integration: 

 

 Data Sources: The system gathers data from various 

sources, which may include academic records (grades, 

test scores), attendance records, learning management 

systems (LMS), student demographics, extracurricular 

activities, and even data from online interactions and 

resources. 

 Data Integration: These disparate data sources are 

integrated into a unified database, ensuring that data is 

standardized, cleaned, and prepared for analysis. 
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 Feature Engineering: 
 

 Feature Selection: Relevant features (variables) are 

selected from the integrated dataset. These features can 

include historical performance, attendance patterns, 

socio-economic factors, and more. 

 

 

 

 

 

 Machine Learning Models: 
 

 Model Selection: The system employs a range of ML 

models, including regression, classification, clustering, 

and time-series analysis, depending on the specific 

analysis goals. Common algorithms used include 

decision trees, random forests, neural networks, and 

support vector machines[6]. 

 Training and Testing: The selected models are trained on 

historical data, using a portion of the dataset for training 

and the rest for testing to evaluate their performance. 

 

 
Fig 1: Training with Nodes 

 

 Predictive Analysis: 

 

 Predictive Modeling: ML models are used to make 

predictions about future student performance. For example, 

predictive analytics can forecast which students are at risk of 

failing a course, dropping out, or needing additional support. 

 

 

 Cluster Analysis:  

 

 Cluster Identification: Clustering algorithms group students 

with similar characteristics or performance patterns. This 

can help identify cohorts of students who may benefit from 

tailored interventions. 

 

 

 
Fig 2: Cluster Analysis Graph 

 

 Recommendation Systems: 

 

 Personalized Recommendations: ML can power 

recommendation systems that suggest personalized study 

materials, courses, or interventions based on a student's 

historical data and behavior. 
 

 

 Visualization and Reporting:  

 

 Visualization Tools: The system may incorporate data 

visualization tools to present the analysis results in a 

comprehensible manner, such as dashboards and 

interactive reports. 
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 Alerts and Interventions: 

 

 Alert Generation: When the system detects students at 

risk or in need of support, it can generate alerts for 

educators and administrators[7]. 

 Intervention Strategies: Educators can then design and 

implement targeted interventions, which may include 

one-on-one tutoring, additional resources, counseling, or 
modifying teaching approaches. 

 

 Monitoring and Iteration:  

 

 Continuous Monitoring: The system operates in an 

iterative manner, continuously collecting and analyzing 

data. It adapts to changing student needs and provides 

ongoing feedback for educators. 

 

 
 

 
Fig 3: Monitoring Status 

 

V. ETHICAL CONSIDERATIONS 

 

 Data Privacy and Bias Mitigation:  

Ethical considerations, such as data privacy and 
fairness, are essential. ML models should be carefully 

designed to avoid reinforcing bias and respect students' 

privacy rights. 

 

A Student Performance Analysis System powered 

by ML technologies can significantly enhance 

educational outcomes by providing educators and 

institutions with actionable insights into student 

progress, allowing for timely interventions, and fostering 

a more personalized learning environment[8]. It's a 

valuable tool for educators, administrators, and 

policymakers seeking to improve the quality of education 
and student success. 

Certainly! Research findings on student 

performance analysis systems using Machine Learning 

(ML) technologies can yield valuable insights into how 

these systems impact education and student outcomes. 
Here are some potential research findings and their 

implications: 

 

 Improved Predictive Accuracy: Studies may find that 

ML-based student performance analysis systems can 

accurately predict student outcomes, such as grades or 

exam scores, with a higher degree of accuracy compared 

to traditional methods[9]. This can have a significant 

impact on early intervention strategies, as educators can 

identify struggling students more effectively. 
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Fig 4: Prediction Model 

 

 Identifying At-Risk Students: ML models can help 

identify at-risk students early in the academic term. 

Research findings may show that these systems are 

successful in pinpointing students who are likely to drop 

out or underperform, enabling timely support and 
interventions to prevent these outcomes[10]. 

 

 Personalized Learning Paths: Research may indicate 

that ML-driven systems can create personalized learning 

paths for students based on their individual strengths and 

weaknesses. Findings might show that students who 

receive personalized recommendations or adaptive 
course content perform better and are more engaged. 

 

 
Fig 5: Personalized Analysis 

 

 Resource Allocation Optimization: ML can assist in 

optimizing resource allocation within educational 

institutions. Research could demonstrate how these 
systems help allocate resources like tutors, counseling 

services, or extra study materials more efficiently, 

leading to cost savings and improved student 

outcomes[11]. 

 Enhanced Feedback Mechanisms: Findings may 

highlight the importance of enhanced feedback 

mechanisms provided by ML-driven systems. Students 
who receive timely feedback and actionable insights into 

their performance may demonstrate improved learning 

outcomes[12]. 
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 Longitudinal Performance Analysis: Research findings 

might emphasize the value of longitudinal analysis of 

student data. Over time, these systems can provide 

insights into the development of a student's performance, 

helping educators adjust strategies and support 

accordingly[13]. 

 Ethical Considerations and Bias Mitigation: Studies 

may address ethical considerations related to data 
privacy, transparency, and fairness. Researchers might 

find that ML technologies in student performance 

analysis need careful handling to mitigate biases and 

ensure student data privacy[14]. 

 Faculty and Institutional Decision Support: ML-driven 

systems can provide valuable decision support tools for 

faculty and institutions. Research findings may show 

how these systems aid in curriculum planning, 

instructional design, and the development of effective 

teaching strategies[15]. 

 Impact on Educational Outcomes: Research might 
quantify the impact of ML-driven student performance 

analysis systems on overall educational outcomes. 

Positive findings may include higher retention rates, 

improved grades, and increased student satisfaction[16]. 

 Challenges and Limitations: Studies may identify 

challenges and limitations of implementing ML 

technologies in education. These could range from the 

need for large, high-quality data sets to the importance of 

teacher training to effectively utilize ML tools[17][18]. 

 

Overall, research findings in this area contribute to the 
ongoing improvement of educational practices and policies. 

They provide evidence of the benefits and challenges 

associated with using ML technologies for student 

performance analysis, helping educators and institutions 

make informed decisions to enhance student success and 

educational quality. 

 

VI. CONCLUSION 

 

In the ever-evolving landscape of education, the 

integration of Machine Learning (ML) technologies within 

the realm of Big Data Analytics has ushered in a new era of 
student performance analysis. This research paper has 

traversed the terrain of this transformative journey, shedding 

light on the profound impact and immense potential of ML 

technologies in enhancing our understanding of student 

achievement. The research findings presented in this paper 

underscore the significance of adopting ML technologies to 

decipher the intricate web of student data. Through the lens 

of ML algorithms, we have seen the power of predictive 

modeling, early warning systems, personalized learning 

pathways, and data-driven interventions[19]. These tools have 

the potential to revolutionize education, providing educators 
and institutions with the insights necessary to tailor their 

approaches to individual student needs, thereby maximizing 

the potential for academic success. 

 

 

 

Moreover, ethical considerations have emerged as a 

paramount concern in this technological revolution. As we 

delve deeper into the educational data sphere, the principles 

of fairness, transparency, and privacy protection must 

remain steadfast. The responsible use of ML technologies in 

student performance analysis demands ongoing vigilance 

and careful navigation of ethical waters[20]. As this research 

paper concludes, it does so with a vision of a future where 
education is not a one-size-fits-all endeavor but a 

personalized and inclusive journey. ML-driven student 

performance analysis systems have the potential to 

democratize education, ensuring that every student, 

regardless of their background or circumstances, receives the 

tailored support and resources they need to thrive. In the 

ongoing pursuit of educational excellence, this paper 

underscores the central role of data and ML technologies in 

shaping the future. It serves as a testament to the potential of 

responsible data usage in education, where innovation and 

ethics coexist to foster an environment where each student's 
unique potential is realized to the fullest extent. In closing, 

the transformative power of ML technologies in student 

performance analysis is not merely a concept; it is a reality 

that promises to redefine education, empower educators, and 

uplift students. As we stand at the intersection of technology 

and pedagogy, the path forward is clear – one guided by data, 

driven by innovation, and enriched by the unwavering 

commitment to the success and well-being of every student. 

 

REFERENCES 

 

[1]. Alshanqiti, A., & Namoun, A. (2020). Predicting 
student performance and its influential factors using 

hybrid regression and multi-label 

classification. IEEE Access, 8, 203827–203844. 

[2]. Arias Ortiz, E., & Dehon, C. (2013). Roads to success 

in the Belgian French Community’s higher education 

system: predictors of dropout and degree completion 

at the Université Libre de Bruxelles. Research in 

Higher Education, 54(6), 693–723. 

[3]. Babić, I. D. (2017). Machine learning methods in 

predicting the student academic motivation. Croatian 

Operational Research Review, 8(2), 443–461. 
[4]. Capuano, N., & Toti, D. (2019). Experimentation of 

a smart learning system for law based on knowledge 

discovery and cognitive computing. Computers in 

Human Behavior, 92, 459–467. 

[5]. Fernandes, E., Holanda, M., Victorino, M., Borges, 

V., Carvalho, R., & Van Erven, G. (2019). 

Educational data mining : Predictive analysis of 

academic performance of public school students in 

the capital of Brazil. Journal of Business 

Research, 94(February 2018), 335–343. 

[6]. Baker, R. S., & Inventado, P. S. (2014). Educational 

data mining and learning analytics. Learning 
analytics (pp. 61–75). Springer Costa-Mendes, R., 

Oliveira, T., Castelli, M., & Cruz-Jesus, F. (2020). A 

machine learning approximation of the 2015 

Portuguese high school student grades: A hybrid 

approach. Education and Information Technologies, 

26, 1527–1547. https://doi.org/10.1007/s10639-020-

10316-y.  

https://doi.org/10.38124/ijisrt/IJISRT24JUL842
http://www.ijisrt.com/


Volume 9, Issue 7, July – 2024                                             International Journal of Innovative Science and Research Technology 

ISSN No:-2456-2165                                                                                                  https://doi.org/10.38124/ijisrt/IJISRT24JUL842 

  

 

IJISRT24JUL842                                                                www.ijisrt.com                                                                                  1724 

[7]. Cruz-Jesus, F., Castelli, M., Oliveira, T., Mendes, R., 

Nunes, C., Sa-Velho, M., & Rosa-Louro, A. (2020). 

Using artifcial intelligence methods to assess 

academic achievement in public high schools of a 

European Union country. Heliyon. 

https://doi.org/10.1016/j.heliyon.2020.e04081 

[8]. Delen, D. (2010). A comparative analysis of machine 

learning techniques for student retention 
management. Decision Support Systems, 49(4), 498–

506. https://doi.org/10.1016/j.dss.2010.06.003  

[9]. Delen, D. (2011). Predicting student attrition with 

data mining methods. Journal of College Student 

Retention: Research, Theory and Practice, 13(1), 17–

35. https://doi.org/10.2190/CS.13.1.b 

[10]. Hellas, A., Ihantola, P., Petersen, A., Ajanovski, 

V.V., Gutica, M., Hynninen, T., Knutas, A., 

Leinonen, J., Messom, C., & Liao, S.N. (2018). 

Predicting academic performance: a systematic 

literature review. In Proceedings companion of the 
23rd annual ACM conference on innovation and 

technology in computer science education (pp. 175–

199).  

[11]. Hofait, A., & Schyns, M. (2017). Early detection of 

university students with potential difculties. Decision 

Support Systems, 101(2017), 1–11. 

https://doi.org/10.1016/j.dss.2017.05.003  

[12]. Huang, S., & Fang, N. (2013). Predicting student 

academic performance in an engineering dynamics 

course: A comparison of four types of predictive 

mathematical models. Computers and Education, 

61(1), 133–145. https://doi.org/10. 
1016/j.compedu.2012.08.015  

[13]. Kardaş, K., & Güvenir, A. (2020). Analysis of the 

efects of Quizzes, homeworks and projects on fnal 

exam with diferent machine learning techniques. 

EMO Journal of Scientifc, 10(1), 22–29 

[14]. Rizvi, S., Rienties, B., & Ahmed, S. (2019). The role 

of demographics in online learning; A decision tree 

based approach. Computers & Education, 

137(August 2018), 32–47. 

https://doi.org/10.1016/j.compedu.2019.04.001  

[15]. Rubin, B., Fernandes, R., Avgerinou, M. D., & 
Moore, J. (2010). The efect of learning management 

systems on student and faculty outcomes. The 

Internet and Higher Education, 13(1–2), 82–83. 

https://doi.org/10.1016/j.iheduc.2009.10.008. 

[16]. Saqr, M., Fors, U., & Tedre, M. (2017). How learning 

analytics can early predict under-achieving students 

in a blended medical education course. Medical 

Teacher, 39(7), 757–767. 

https://doi.org/10.1080/0142159X.2017.1309376. 

 

 

 
 

 

  

[17]. Shorfuzzaman, M., Hossain, M. S., Nazir, A., 

Muhammad, G., & Alamri, A. (2019). Harnessing the 

power of big data analytics in the cloud to support 

learning analytics in mobile learning environment. 

Computers in Human Behavior, 92(February 2017), 

578–588. https://doi.org/10.1016/j.chb.2018.07.002  

[18]. Vandamme, J.-P., Meskens, N., & Superby, J.-F. 

(2007). Predicting academic performance by data 
mining methods. Education Economics, 15(4), 405–

419. https://doi.org/10.1080/09645290701409939 

[19]. Xu, X., Wang, J., Peng, H., & Wu, R. (2019). 

Prediction of academic performance associated with 

internet usage behaviors using machine learning 

algorithms. Computers in Human Behavior, 

98(January), 166–173. https://doi.org/10.1016/j. 

chb.2019.04.015s 

 

 

 
 

 

 

 

 

 

 

 

 

 

 

 
 

 

 

 

 

 

 

 

 

 

 
 

 

 

 

 

 

 

 

 

 

 

 
 

 

 

 

 

https://doi.org/10.38124/ijisrt/IJISRT24JUL842
http://www.ijisrt.com/
https://doi.org/10.1016/j.heliyon.2020.e04081
https://doi.org/10.1016/j.dss.2010.06.003
https://doi.org/10.2190/CS.13.1.b
https://doi.org/10.1016/j.dss.2017.05.003
https://doi.org/10.%201016/j.compedu.2012.08.015
https://doi.org/10.%201016/j.compedu.2012.08.015
https://doi.org/10.1016/j.iheduc.2009.10.008
https://doi.org/10.1080/0142159X.2017.1309376
https://doi.org/10.1016/j.chb.2018.07.002
https://doi.org/10.1080/09645290701409939

