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Abstract: The current research aims to evaluate the integration of Artificial Intelligence (AI) within healthcare 

environments, comparing the rates of integration and efficiency perceptions for both clinical professionals, namely doctors 

and nurses, and non-clinical staff, covering administrative and billing personnel. Data for this research were collected 

through a structured questionnaire that focused on the realities of day-to-day interactions with AI technologies, 

professionals' confidence with AI-generated diagnoses, efficiency perceptions of AI integration, and the risks of 

compromising patient data privacy. 

 

It is clear from these findings that there are distinguishable differences between each group. The administrative workers 

reported higher levels of adoption when it came to scheduling and billing, revealing some significant advantages to 

operational efficiency. The clinical workers, on the other hand, reflected a sense of caution, concerns about diagnostic 

accuracy and liability, and the absence of "human touch." Both groups, nonetheless, acknowledged AI as a force of evolution 

in medicine and reinforced the necessity to establish guidelines and training. 

 

This implies the increased rate at which administrative tasks are becoming automated, yet the "human-in-the-loop" 

plays a vital role in decision-making. Training programs need to be implemented on a larger scale for the gap between 

technological capacity and trust to be filled, so AI can be harnessed for support, not replacement, of medical decision-

making. 
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I. INTRODUCTION 
 

The discussion of Artificial Intelligence (AI) cannot be 

overlooked as a dominant force that is reshaping the 

healthcare industry, with its potential solutions being diverse 

and ranging from automated diagnosis to personalized 

medicine and organizational efficiencies. However, despite 

its promise to bring efficiency and lower healthcare costs, the 

integration of AI in the day-to-day activities of medical 

practitioners has proven to be a challenge because, despite its 

sophistication, its effectiveness depends on the willingness of 

medical practitioners. 

 

The healthcare professionals are also an essential factor 

that has been left out of the equation. Although administrative 

staff may gladly accept AI for billing coding or appointment 

scheduling, the situation may not be the same for healthcare 

professionals. This is because, unlike an administrative 

setting, where errors are usually of financial inconvenience, 
errors made by healthcare professionals may have life-

altering consequences. This may imply a natural divergence 

of perspective regarding AI adoption between different 

departments of the same hospital. 

 

The comparison of both clinical and non-clinical 

workers is crucial since they are likely to deal with healthcare 

data of different priorities and liability. The gap in the 

adoption and perception of AI technology may cause 

fragmented care. The objectives of this research are to 

determine and compare the level of adoption of AI technology 
in clinical and non-clinical workers. The research aims at 

finding out: How do Clinical and Non-Clinical workers differ 

in their perception of AI technology? Does the perception of 

AI technology originate from organizational or ethical 

considerations? 

 

https://doi.org/10.38124/ijisrt/26feb700
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II. LITERATURE REVIEW 

 

The application of AI in the health sector is still a 

relatively up-and-coming area, in which the literature so far 

has concentrated more on technological capability than 

human readiness. Human readiness, however, remains the 

most relevant factor for successful implementation. 
 

 AI in Diagnostics versus Administration 

Studies have shown that AI tools, especially in radiology 

and pathology, have attained accuracy levels comparable to 

human specialists. However, all the same studies show that 

doctors consider those tools as "black boxes" with unsee-

through decision-making processes. Administrative AI, by 

contrast-such as chatbots that triage patients and algorithms 

that process insurance claims-has met far fewer barriers 

because the perceived risks are much lower and any financial 

efficiencies are more immediate. 

 
 The Trust Gap 

One of the common themes in healthcare literature is the 

"trust gap." Clinical staff are trained to believe evidence-

based medicine and clinical intuition. AI recommendations 

that run opposite to the intuition of a physician are always 

doubted. Administrative staff, on the other hand, are generally 

more accustomed to following algorithmic rules through 

software systems; hence, this transition is not as jarring to AI-

driven workflow automation. 

 

 Ethical and Data Privacy Concerns 
Both clinical and administrative groups handle sensitive 

Patient Health Information. However, clinical professionals 

often express profound ethical concern about biased data in 

AI algorithms, actually concerned that AI will continue to 

foster care disparities among demographic groups. 

Administrative personnel tend to focus their interests in the 

areas of security and regulatory compliance, such as under 

HIPAA. 

 

Training and Preparedness Studies indicate that while 

hospitals are investing in AI software, they are investing less 

in the training required to use the software. There is also a 
significant lack of comprehensive AI literacy programs. 

Current literature treats the healthcare workforce as 

monolithic, failing often to distinguish between the needs of 

clinical decision-makers and those of administrative 

operational staff. The literature surrounding AI in healthcare 

is vast and rapidly evolving. 

 

 Diagnostic Precision 

Groundbreaking study by Gulshan et al. (2016) 

established the fact that “deep learning algorithms are capable 

of diagnosing diabetic retinopathy with high sensitivity and 
specificity, matching the performance of experts” the 

performance of ophthalmologists. Moreover, a study by 

Esteva et al. (2017) also proved that convolutional neural 

networks can learn images from various skin lesions to 

classify skin cancer with an accuracy similar to that of a 

board-certified dermatologist. 

 

 

 Operational Efficiency 

In addition to diagnostic purposes, AI is increasingly 

employed for predictive analytics. In this context, Bates et al. 

(2014) emphasize the potential of machine learning 

algorithms on Electronic Health Records to identify potential 

deterioration and readmission risks; thereby, improving 

efficiency. In a similar vein, Davenport and Kalakota (2019) 
emphasize the possibility of AI to improve the efficiency of 

administrative tasks such as coding and billing, which 

account for a major share of healthcare expenditures. 

 

 Ethical and Legal Challenges 

As hopeful as the possibility is, the body of writing admits 

that there are major impediments. Topol (2019), for instance, 

highlights the issue of the "black box," i.e., the inability to 

understand the rationale for the decision by the AI. Moreover, 

studies undertaken by Obermeyer et al. (2019) show how the 

AI perpetuated biases in the delivery of healthcare services 

because of racial differences. 
 

III. METHODOLOGY 

 

 Research Design 

In the current study, a survey-based comparative 

research design is applied to investigate the AI adoption, trust, 

and perceptions among clinical (doctors, nurses, and 

technicians) and non-clinical (administrative staff, billing 

personnel, and HR practitioners) healthcare staff. The main 

aim is to identify the gaps in terms of utilization, efficiency, 

and ethical limitations. 
 

 Data Collection 

The researcher used an online survey tool in the form of 

a structured questionnaire distributed online through hospital 

intranets and professional online networks used by healthcare 

professionals. These questionnaires covered various areas: 

 Demographics (Role, Department, Years of Experience 

 Frequency of AI Usage (Daily, Weekly, Never). 

 Purpose of Use (Diagnostics, Scheduling, Data Entry, 

Patient Monitoring). 

 Perception of Efficiency (Time saved, error reduction). 

 Trust and Ethics (Confidence in AI advice, patient privacy 

issues) 

 Training Received (Formal Organizational Training vs. 

Self-L 

 Sample and Participants 

 

Participants were divided into two broad categories: 

 Group A – Clinical Professionals: Doctors, Surgeons, 

Nurses, and Radiologists. 

 Group B – Non-Clinical Staff: Hospital Administrators, 

Billing Specialists, Receptionists, and Record Keepers. 
 

For the sampling scheme, a purposive sampling 

technique has been employed to ensure a balanced sample is 

obtained from the different ends of the operations. 

 

 

 

 



Volume 11, Issue 2, February – 2026                                International Journal of Innovative Science and Research Technology 

ISSN No:-2456-2165                                                                                                                          https://doi.org/10.38124/ijisrt/26feb700 

 

 
IJISRT26FEB700                                                               www.ijisrt.com                                                                                          1580               

 Data Analysis 

The responses were tabulated and analysed using 

descriptive statistics in the form of percentages and frequency 

counts to determine various patterns. In the case of the present 

research, quite an amount of data visualization had been 

carried out. The responses obtained with respect to 

"Frequency of Use" and "Trust Levels" had thus been plotted 
into bar charts and pie charts to pictorially present the 

difference that existed between the two groups. These charts 

provided a good basis for the evidence used in the concluding 

sections of the research. 

 

 

 

 Ethical Considerations 

The study was designed based on the principle of 

voluntary participation and strict maintenance of 

confidentiality. No patients' data or identifiers regarding 

hospital records were collected. 

 

IV. RESULTS AND FINDINGS 

 

 Overview of the Respondents 

A response sample that was balanced was retrieved. 

Clinical professionals had a tendency to have a longer tenure, 

10+ years, while for the administrative ones, the range of 

experience varied. This allowed drawing a parallel of how the 

level of experience correlates with the acceptance of AI. 

 

 
Fig 1 Overview of the Respondents 

 

 AI Adoption Rates  

The examination of the survey data presented in the 

adoption chart indicated the following: there is a split in the 

usage of AI: 

 Non-Clinical Staff: Out of the non-clinical staff, 85% 

claimed that they use these tools on a daily basis, mainly 

for automated 

 Clinical Professionals: Only 40% reported daily 

interaction with AI tools. Those who had used it tended to 

use AI tools for specific Electronic Health Records (EHR) 

voice-to-text and alert features. Diagnostic support was 

found to be low (15%). 
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 Perception of Efficiency 

 

 
Fig 2 Perception of Efficiency 

 

The “Efficiency Impact” chart revealed that: 

 

 Administrative Group: The percentages who strongly 

agreed that AI significantly reduces their workload and 

data entry errors: 90%. 

 Clinical Group: Their responses were varied. Although 

50% said AI helped with documentational support, 

another 30% said AI alerts (e.g., sepsis, drug interaction) 

caused "alert fatigue" that slowed their workflow.

 

 

 Trust and Ethical Concerns 

 

 
Fig 3 Trust and Ethical Concerns 

 

 Clinical Professionals: The majority had hesitation in 

totally trusting the AI for a diagnosis. 60% of them 

mentioned "Liability and Accountability" as a main issue: 
who is accountable if the AI gets it wrong? 

 

 Non-Clinical Professionals: Their main concern was 

"Data Privacy" (70%), which related to their fear of 

revealing patient data through AI algorithm processing. 

V. DISCUSSION 

 

The findings, concluded from the comparative analysis 
of the survey charts, indicate that there is currently only one 

speed at which AI in healthcare is functioning, and that is in 

two separate speeds. In the realm of administration, AI is 

considered an effective tool in increasing productivity. The 
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charts indicate that there is a high correlation between AI and 

efficiency in this group.  

 

However, from the viewpoint of a clinical professional, 

their relationship with AI is paradoxical. The data suggests 

that there is a recognized power of AI systems with regard to 

diagnostics, but its adoption is being prevented by an absence 
of trust coupled with a fear of ethical implications. The "Alert 

Fatigue" phenomenon, which is also a part of the results, 

suggests that AI systems that have been incorporated so far 

may not be correct, thus resulting in a feeling of mistrust. 

 

The discrepancy in training is another contributing 

aspect. Members of administrative staff are provided with 

training to aid them in understanding new software systems. 

In comparison, medical staff are required to incorporate AI 

tools into decision-making processes with minimal training. 

The graphs tend to confirm this hypothesis. 

 

VI. CONCLUSION 

 

The study examined the integration of AI into different 

aspects of healthcare-both clinical and non-clinical. Based on 

the data visualized and analysed, one conclusion stands clear: 

while AI has been integrated pretty well as far as back-end 

operations are concerned, it remains peripheral in the most 

critical of critical clinical decision-making areas. 

 

These charts represent a divergence in confidence. Non-

clinical staff have adopted AI for its tangible time-saving 
benefits. Meanwhile, clinical staff has remained the "human 

firewall" against diagnostic errors, cautiously approaching AI 

due to liability and patient safety. 

 

Ultimately, it is not a concept but a requirement-the 

"Human-in-the-Loop"-in any of the current healthcare 

ecosystems. While AI can process more data faster than any 

human can, the clinical judgment of a doctor or nurse is still 

the final safety net. 

 

RECOMMENDATIONS 

 
Based on the findings of this study, what will help in 

improving AI integration in healthcare includes: 

 

 Role-Specific Training 

An Education for clinical staff should be implemented, 

more focused on how to interpret AI outputs, understanding 

the limits of diagnostic algorithms rather than simply how to 

operate the software. 

 

 AI Tool Calibration:  

Technical teams will need to work with clinical staff to 
minimize "alert fatigue" by adjusting the sensitivity of the AI 

monitoring systems. 

 

 Ethics:  

Clearly articulate liability so that clinicians can feel 

confident that their practice will not be legally compromised 

if the support tool of AI makes a mistake. 

 

 Interdisciplinary Collaboration:  

Establish feedback loops whereby administrative 

efficiency gains (e.g., faster data processing) are leveraged to 

grant more time for clinical staff with patients, framing AI as 

a benefit to patient care, not a threat. 
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